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• Climate change will affect species

•

•

•

•

distribution via variation in suitable
area amount, displacement of optimal conditions, and/or exposure to
non-analog conditions.
We found that Amazon primates will
face a plethora of effects of climate
change on their geographic ranges.
Even in cases that the species range
could increase, Amazonian primates
will be exposed to novel climates and
might not be able to track their preferred environments.
Remaining populations might also
become fragmented and are forecasted to occupy sub-optimal conditions at the periphery of their future
ranges.
Conservation assessments should
consider the multiple dimensions of
climate change.
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a b s t r a c t
Owing to climate change, species’ geographical distribution may be extended, reduced or displaced in the
future. Across species’ ranges, novel climate conditions may also expose species to thermal conditions
for which they are not adapted. Migration toward more suitable climates will, however, only be possible
if species are able to keep pace with climate change. Here, we analyze different metrics to predict the
impacts of climate change on the distribution of Amazon primates. We found that this iconic group will
be exposed to novel climate conditions in a large portion of their territories and most species might not
be able to track their preferred environmental conditions, even when their range is forecasted to expand.
Remaining future populations are expected to become fragmented and to occupy sub-optimal conditions
at the periphery of their projected bioclimatic envelopes. Our results suggest that climate change may
have unprecedented impacts on Amazon biodiversity, especially for species with low dispersal ability,
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such as primates. In addition to deforestation, hunting, and disease spread, climate change is likely to add
up to conservation-defying feedbacks for Amazon primate populations’ fitness and resilience dynamics.

Introduction
Climate change will redistribute biodiversity on Earth, with
effects from ecosystems health to human well-being (Pecl et al.,
2017). Under changing climate conditions, species must tolerate
or acclimate to new conditions, suffer population declines up to
local extinction, or to move toward preferred environments (Urban,
2015). From a geographical perspective, populations experience
different processes, with local extinctions at range boundaries
where climates become harsher and colonization of newly suitable environments (La Sorte and Jetz, 2012). Such climate-driven
dynamics on range borders ultimately lead to distributional shifts
(Thomas, 2010), which are abundant in paleontological records
(Davis and Shaw, 2001; Gavin et al., 2014), and have been
recently observed following extreme climate events on species
with high dispersal abilities (Forero-Medina et al., 2011; Smale and
Wernberg, 2013).
As the climate changes, suitable environmental conditions for
a given species might move from one place to another, yet not
all populations will be able to track their moving climatic niches
(Schloss et al., 2012). That is so because climate-driven migrations
will only allow species to track their climatic niches if distributional limits move at a minimum velocity that is at least the same
speed of climate change (Carroll et al., 2015). To keep pace with
climate change, species dispersal ability must therefore exceed
the velocity of change in climate (Carroll et al., 2015). In addition,
species will require permeable routes across landscapes to move
toward novel suitable environments (Lawler et al., 2013). However, deforestation creates landscape mosaics that hamper species
movements and prevent climate-driven migrations, especially for
canopy-dependent species with low dispersal abilities (Gouveia
et al., 2016; Sales et al., 2019). Species that are not able to move
across fragmented landscapes might be confined to habitat pockets
with changing climate conditions, likely to exceed the extreme, seasonality and amplitude of conditions to which species are adapted
(Ribeiro et al., 2016).
Climate change effects on species distribution, therefore,
include: (i) variation in total suitable area, (ii) displacement of optimal environmental conditions and/or (iii) exposure to non-analog
climates (Garcia et al., 2014). Here, we assess such multiple dimensions of climate change on the distribution of primates that are
endemic to the Amazon basin. Worldwide primates are vulnerable
to climate change (Braz et al., 2019; Estrada et al., 2017; Gouveia
et al., 2016), but Amazon species might be exposed to novel conditions at a rate greater than the global average (Graham et al., 2016;
Ribeiro et al., 2016). In addition to inhabiting regions whose temperatures are close to animals’ upper thermal physiological limits
(Khaliq et al., 2014; Sunday et al., 2014), Neotropical Platyrrhini primates rely on forest canopy to feed, reproduce and move across
landscapes (Kinzey, 1997; Stone et al., 2009), which agrees on
the projected inability of primates to track future climate change
(Schloss et al., 2012). Climate change effects have already been
observed on primates’ range size (Meyer et al., 2014), population
structure (Clee et al., 2015) and dynamics (Wiederholt and Post,
2010), in addition to novel parasitism interactions (Barrett et al.,
2013) and multiple feedbacks between climate and deforestation
(Struebig et al., 2015).
In this work, we use an innovative approach, combining ecological niche models, deforestation scenarios and dispersal simulations
to allow a comprehensive assessment of climate change and

deforestation effects on Amazon primates’ distribution. To do so,
we analyzed multiple dimensions of climate change, forecasting
species-specific and spatial patterns of range shift and exposure
to non-analog climates, in addition to a straightforward metric
of biotic velocity, searching for metric biases and inconsistencies
among them.

Methods
Distribution data
We defined the species endemic to the Amazon basin as those
whose current range boundaries is completely inserted within the
basin’s territory, plus an additional 200 km buffer to account for
border uncertainty. We obtained range maps at the International
Union for Conservation of Nature database (www.iucnredlist.org,
date of access: June 17th, 2019) as polygon shapefiles. Such range
maps were used to define species’ environmental requirements, via
rasterization – i.e. conversion of a shapefile into a cell-based file –
of IUCN range maps into a gridded file of 0.1 degree of lat/long
(approximately 10 km2 at the Equator line). Random points were
sampled within the territory attributed to each species and environmental conditions were characterized (see Climate data section
below).
To avoid model overfitting of due to an excessive number of
points, we did not use all points to calibrate ecological niche models, following an approach recently described (Sales et al., 2019).
Instead, we chose random points within each species’ territory
according to its size. Species whose range size was larger than 1000
cells, we randomly chose 12.5% of the total number of cells. For
species with range size varying from 501 to 1000 points, only 25%
of the number of cells were selected. For species with ranges from
101 to 500 points, we chose 50% of their cells. Finally, for species
whose range size was smaller than 100 points had all the cells of
their rasterized polygons used in modeling procedures.
The use of maps of extent of occurrence is not considered the
first-choice response variable on species distribution modeling
(Araújo et al., 2019). The sampling of environmental conditions on
locations where species’ presence is not confirmed renders resulting models prone to high commission errors and overly “optimistic”
projections (Lobo et al., 2010). Ideally, calibration of bioclimatic
envelopes should encompass a well-designed and comprehensive
sampling of species occurrences, to obtain a non-autocorrelated
representation of species’ realized niche from where species occurs
(Araújo and Guisan, 2006). That scenario can rarely, if ever, be met
for Amazon species once access constraints, the enormous size of
species ranges, and the lack of funding for biodiversity surveys
lead to biases in occurrence information (Vale and Jenkins, 2012).
Such issues and local extirpations due to defaunation (Dirzo et al.,
2014), may result in false relationships between habitat suitability
and environmental variables, underestimating biodiversity predictions (Faurby and Araújo, 2018), and overestimating the impact of
anthropogenic stressors (Lima-Ribeiro et al., 2017). Furthermore,
models calibrated with IUCN range maps are considered useful
for providing an initial understanding of species habitat preferences, but these need to be refined with fieldwork (Faleiro et al.,
2013; Lemes et al., 2011; Loyola et al., 2012), especially in remote,
biodiversity-rich and under-sampled locations, such as the Amazon
(Sales et al., 2019, 2017).
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Climate data
Current climate information was obtained as raster layers, freely
available at WorldClim (version 1.4; worldclim.org). Such climate
files were produced by interpolation of weather data from ground
stations, representative of years 1970–2000 (Hijmans et al., 2005),
at 5 min resolution (Fick and Hijmans, 2017). Climate information
was downloaded in the form of bioclimatic predictors, which derive
from raw outputs of surface air temperature and precipitation, but
converted into biologically meaningful variables, such as seasonality or climate extremes (Hijmans et al., 2005).
We obtained future climate forecasts referred to year 2050 from
the WorldClim database (www.worldclim.org/cmip5 5m, date of
access: June 25th 2019) for two extreme greenhouse gases scenarios or representative concentration pathways (RCPs) from IPCC
(2014). One scenario represented a stringent Mitigation prospect
(RCP 4.5), where greenhouse gas emission rates slow by year 2030,
while the other was a Business-as-usual scenario (BAU; RCP 8.5),
with no efforts to restrain emissions (IPCC, 2014). Although there
are several climate forecasts with global information, all of them
result in biases, either in geographical or environmental space, or
both (Knutti et al., 2008). In this work, we considered the HadGEM2ES (HE) model, because its estimates of current temperature and
precipitation are considered the least biased for the Amazon (Sierra
et al., 2015).
To avoid multicollinearity and overfitting, we reduced the
dimensionality of our predictors set using a Principal Component
Analysis. By doing so, we extracted the dominant patterns in our
group of predictors, summarized into the orthogonal eigenvectors (Reimann et al., 2011) that captured 95% of the information,
using the prcomp function of R package stats (R Core Team, 2019).
The information related to the future was then projected into this
coordinate basis (linear combination), thus respecting the original
rotation of the eigenvectors. To do so, applied the function predict
onto the prcomp object and the forecasted environmental values
from the climate model. Therefore, eigenvector scores, not the original variables, were used here to calibrate our species distribution
models.

Species distribution modeling
We modeled the potential distribution of Amazon primates as
a function of the environment associated to species’ occurrence.
These models were then transferred onto different scenarios of
climate change forecasts, to assess potential climate-driven distributional shifts. To do so, we used MaxEnt, a presence-background
machine-learning method, known for its high accuracy (Franklin,
2009). Like other machine-learning methods, MaxEnt uses artificial intelligence algorithms to maximize the relationship between
occurrences and predictors, while minimizing the number of
parameters (Phillips et al., 2006), by comparing environmental conditions from species’ occurrences to the conditions along the study
background (Elith et al., 2011). In addition, MaxEnt is robust to the
presence of some positional error (Graham et al., 2008) and allows
for balancing goodness-of-fit with model complexity, via “tuning”
of model settings (Muscarella et al., 2014) by variations on “feature
classes” or FCs (Muscarella et al., 2014; Peterson, 2011).
We limited the study area to a species-specific background, as
defined by cropping environmental layers by the bounding box
from the extent of occurrence (extreme coordinates), plus an additional 10 degrees to each bound. We did so to restrict our study
regions to areas that are potentially accessible for species, which
is crucial for the reliability of the outcome of species distribution
models (Barve et al., 2011). Then, 10,000 background points were
randomly sampled from environmental raster files (Barbet-Massin
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et al., 2012). MaxEnt models were, then, “tuned” by combining feature classes - L, LQ, H, LHQ, LQHP, LQHPT (L = linear, Q = quadratic,
H = hinge, P = product, T = threshold) and selected by their values
of Akaike Information Criteria (Akaike, 1974), corrected for small
sample size (AICc, using the ENMeval R package) (Muscarella et al.,
2014). Continuous predictions of climate suitability were, then,
converted into binary maps of “presence” and “absence”, using
a 10% omission rate threshold. This threshold restricts presumed
presences to the 90% more common conditions in the dataset,
allowing the models to miss up to 10% of the values.
While recognizing that patterns of deforestation may change,
we included deforestation predictions for the Amazon as a potential driver of primate distribution. To do so, we used a previously
published model of deforestation in the Amazon (Soares-Filho et al.,
2006), based in two scenarios of road paving investment. The first,
Business-as-usual, considers historical deforestation rates, yet the
second, Governance, establishes an upper limit for deforestation,
following the Brazilian environmental law at the time (Soares-Filho
et al., 2006). Gridded information on land-use type and proximity
to paved roads, in addition to terrain slope and the socio-economic
level of micro-watersheds were considered, then, drivers of human
occupancy and the best predictors of deforestation in the Amazon
(Soares-Filho et al., 2014, 2006).
Here, cells predicted to be deforested by year 2050 were
considered permanently unsuitable, as Amazonian primates are
canopy-dependent (Stone et al., 2009) and rely on trees to feed,
reproduce and to move across human-dominated landscapes (Sales
et al., 2019). In addition, deforested areas may disrupt climatedriven migratory routes. Thus, we also considered that deforested
cells could prevent migration among suitable cells, using a cellular automata model of dispersal among suitable cells (Engler and
Guisan, 2009), implemented in MigClim R package (Engler et al.,
2012). As barriers to dispersal, deforested cells reduced the likelihood of colonization of suitable cells among sequential timesteps,
unless via stepping-stone “forest routes”.
Biotic velocity
To assess species-specific responses to climate change in terms
of range movements, we calculated a distribution-based “biotic
velocity”, which corresponds to the time-calibrated distance from a
current suitable site to the nearest future site projected to be climatically similar to the species’ suitable conditions (Carroll et al., 2015).
In other words, biotic velocity is the minimum speed at which
species must migrate to keep track of its preferred climate conditions. However, populations at the center of species range limits
are usually buffered against deleterious border effects, so that population viability and abundances usually increase from periphery
toward range nucleus (Channell and Lomolino, 2000a). Contagionlike spread of extinction forces on range boundaries probably
explain why the ranges of endangered species contract inwards,
where core populations persist longer (Channell and Lomolino,
2000b).
We therefore calculated the biotic velocity as the minimum
speed at which core populations – those from regions surrounding the centroid of the species current range – should move to
remain as future core populations. To do so, we calculated the
shortest distance between the centroid of species potential distribution (present to future), according to the Vincenty (WGS84
ellipsoid) method (Vincenty, 1975), within the geosphere R package (Hijmans, 2019) and divided it by the total timeframe of our
study (i.e. 50 years). Other metrics of biotic velocity, such as Loarie
et al.’s (2009) instantaneous local velocity, or the pace at which
each cell needed to move maintain constant temperatures, do not
account for species-specific border dynamics driven by moving
bioclimate envelopes (Carroll et al., 2015). Because such center-
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periphery dynamics of local extinction (Channell and Lomolino,
2000a) are particularly relevant in the context of spatially-explicit
threats such as deforestation in the Amazon (Soares-Filho et al.,
2006), we chose to use this relatively less-used index of biotic
velocity.
To evaluate whether species will be able to track their core climatic conditions, biotic velocity was compared to a measure of
species’ maximum dispersal ability, modeled as a function of body
mass, diet type, and the successive time between generations and
obtained from Schloss et al. (2012). In the absence of predictions
for all species, we averaged maximum dispersal abilities within
taxonomic genera. A species was considered able to track its core
climatic conditions when its values of dispersal velocity fell within
the confidence interval of its average biotic velocity, taken for each
climate scenario. We, therefore, did not calculate the biotic velocity
for species whose future potential distribution was considered null
(i.e., those with no future analog climates).
Climate change exposure
We considered that a species would potentially be exposed to
climate change in cells where future temperature are expected
to exceed the maximum temperature at which species is current
exposed. We considered “critically exposed” species with more
than 80% of their range exposed to temperature changes, as this
has proven useful in assessments of climate change effects on biodiversity (Ribeiro et al., 2016). Finally, we mapped areas with highest
richness of critically exposed species. We obtained data on temperature (i.e., mean annual temperature) from the WorldClim database
(see Climate data section).
Results
A total of 143 Neotropical primate species had IUCN georeferenced range maps and of these, 82 species were classified as
endemic to the Amazon. Endemic species richness was concentrated south of the Amazon river and follows a west-eastern
gradient, from the Andes mountains downstream (Fig. 1). After
rasterizing IUCN range maps and selecting random subsets of environmental conditions, per species distribution sample size varied
from less than 100 points (seven species) to more than 500 points
(51 species), with 23 species exhibiting 101–499 points.
Species response to climate change and deforestation varied among scenarios. Considering the Climate-only scenario our
predictions indicate expansion of potential distribution for most
primate species (Table S1, Fig. S1), where 59 species expanded
ranges up to threefold in a Mitigation greenhouse gas scenario
(Range expansionmean = 270 ± 30%) and 21 species lost nearly half
of their original distribution (Range shrinkmean = −54 ± 3%). On a
B.A.U. scenario of climate change, 55 species could still expand
their ranges (Range expansionmean = 160 ± 15%), but 25 species
were predicted to have their potential distribution reduced (Range
shrinkmean = −55 ± 12%). Climate change alone could thus lead to
more “winners”, i.e. those whose potential distribution could
expand, than “losers”.
Including deforestation in the Climate + deforestation scenario, however, led to greater losses for 47 (Mitigation:
Range shrinkmean = −78 ± 3%) and 65 species (B.A.U.: Range
shrinkmean = −71 ± 17%) and smaller expansions for 33 (Mitigation: Range expansionmean = 91 ± 13%) and 15 species (B.A.U.: Range
expansionmean = 58 ± 11%), under different greenhouse gas emission
scenarios. The inclusion of deforestation, therefore, reversed the
range shift trend, where synergism among stressors led to a larger
number of “losers” than that of “winners” from future environmental change (Figs. S1 and S2). As result of range contraction and

expansion, spatial patterns of primate richness were affected in
all scenarios. Reductions on primate richness were mostly concentrated at Southwestern regions of the Amazon (Fig. S2), where up to
15 species may be lost in some regions considering a B.A.U. scenario
and the combination of climate change and deforestation.
We found that primate species, on average, move at a maximum
velocity of 0.74 ± 0.26 km/year (Table S2, Fig. 2), but core populations would need to move at least twice as fast in the Climate-only
scenario (Mitigationmean : 2.52 ± 2.57 km/year; Business-asusualmean : 2.20 ± 3.10 km/year) and Climate change + Deforestation
2.57 ± 2.54 km/year;
Business-as-usualmean :
(Mitigationmean :
2.33 ± 3.09 km/year). Range centroids were projected to move
in space, while forecasts of potential distribution were scattered
by deforestation for 24 species on at least one scenario, so the
centroid was positioned outside the species potential distribution
(Fig. S3).
In the future, several Amazonian primates will be exposed to
climate conditions that exceed their current thermal amplitudes
(Fig. 3). On a Mitigation scenario of greenhouse gas emission, 82%
of the studied species (n = 67) were predicted to be exposed to
temperature conditions that exceed the maximum temperature at
which they are currently exposed. Under a B.A.U. scenario, the number of critically exposed species raised to 94% (n = 77). Exposure to
non-analog thermal conditions was more frequent in Central and
Eastern Amazon, especially southwards the Amazon river, where
reductions on species richness were also more prominent (Fig. S2).

Discussion
Under changing environmental conditions, species must adapt,
move or go extinct (Urban, 2015). In this study, we used three
distinct metrics of climate change impacts on species distribution
(range shifts, biotic velocity, and exposure to non-analog climates)
to forecast how climate change might affect Amazonian primates.
Despite species-specific divergences, all metrics indicated that
Amazonian primates will be imperiled by ongoing climate change,
especially in a synergism with deforestation.
We found that most primate species may experience range
contractions under future climate change, especially in scenarios including deforestation. Range contractions are expected once
climate-driven migrations are hampered by the poor dispersal ability of Amazonian primates in non-forest matrices (Schloss et al.,
2012) and deforestation (Soares-Filho et al., 2006). Such range contractions may lead to local extinction (Urban, 2015), by causing
physiological stress on populations inhabiting non-optimal climates (Dillon et al., 2010). However, metrics range contractions
per se consider only the total area that is climatically suitable for a
species, not its spatial configuration. Despite shrinking, we found
that the optimal environment for Amazonian primates will move
from one place to another. Core populations, considered the most
resilient to peripheral disturbance (Channell and Lomolino, 2000a),
were in many cases extirpated in our models due to deforestation.
Future remaining populations are expected, therefore, to
become fragmented and to occupy sub-optimal conditions at the
periphery of their bioclimatic envelope. In such peripheral populations, fitness and resilience to subsequent stressors are usually
diminished (Channell and Lomolino, 2000a,b). In addition, the
velocity of climate change will likely exceed the maximum dispersal capacity of most species; a pattern consistent for primates
worldwide (Schloss et al., 2012). The existence of climate-induced
feedbacks on deforestation and fire dynamics in the Amazon (Coe
et al., 2013), coupled with increased deforestation rates in recent
years (Fearnside, 2015), will further disrupt primate dispersal
routes.
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Fig. 1. Neotropical primate species richness (right) and richness in the Amazon basin. The red-to-yellow gradient color indicates high-to-low richness of primates that are
endemic to the Amazon. (a) A west-eastern gradient from the Andes mountains toward the Atlantic Ocean is observed, where the main tributaries of the Amazon river delimit
the distribution of several primate species. (b) The Amazon hosts the higher gridded richness of primates in the Neotropics.

Fig. 2. Biotic velocity in relation to primate species maximum dispersal capacity. Empty diamonds indicate the maximum dispersal capacity for each species, modeled as
function of body size, diet, and generation length (Schloss et al., 2012). Circles indicate the average speed that the centroid of species distribution (here considered to contain
the optimal environmental conditions) will move from current time to year 2070. Coral circles refer to a Climate change alone scenario, while dark red circles refer to a Climate
change + Deforestation scenario. Primate species might have to migrate at paces almost 10 times higher than expected. Species are shown in alphabetical order from bottom
up in y-axis. For species-specific values, please append to Table S2.
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Fig. 3. Species richness of primates that are critically exposed to non-analog temperatures. Critically exposed species are forecasted to experience temperatures that exceed
the upper limits observed across current ranges. In the Mitigation scenario (a), most of the studied species (n = 67) are expected to be critically exposed to non-analog
temperatures, while in the (b) business-as-usual scenario, nearly all (n = 77) primate species might be exposed.

Adding the evidence of exposure to non-analog climates does
not bring good news for Amazonian primates: most species are
expected to experience non-analog conditions in a large fraction of
their territory. Exposure to climate conditions to which a primate
species is not adapted may cause physiological stress, behavioral
change, and fitness reduction (Gillespie and Chapman, 2006; Gould
et al., 1999; Milton and Giacalone, 2014). For species with small
ranges, logging and subsequent deforestation may further prevent
species from moving from their current range to newly suitable
habitats (Sales et al., 2019). In such situations, management options
could involve ensuring that corridors for dispersal are protected
now and into the future or assisted migration; however, the latter
option will likely be very expensive and incur in many uncertainties (Strum and Southwick, 1986). Proposed plans for road
expansions, such as that in the area of Manu National Park, Peru
(Gallice et al., 2017) or the ongoing Manaus-Porto Velho highway
paving (Laurance and Balmford, 2013), will therefore threaten primate populations, by disrupting climate-driven faunal migrations
and removing canopy cover.
In Brazil, where most of the Amazon deforestation currently
occurs (Soares-Filho et al., 2006), the network of protected areas
covers >23% of its territory (Veríssimo et al., 2011), although most
are outside important migratory routes for primates (Sales et al.,
2019). Preserving and expanding this network may thus allow temporary persistence on sub-optimal climates or even adaptation to
changing environments (Diniz-Filho et al., 2019). Societal disputes
on the fate of Amazon forests, where “ruralists” claim for forest
conversion into agro-business landscapes (Ferrante and Fearnside,
2019) and “conservationists” plea for a novel model of economy
with the sustainable use of forests and natural resources (Nobre
and Nobre, 2019) might be decisive on the future of biodiversity
under global changes (Dobrovolski et al., 2018).
Our results strongly suggest a high vulnerability to climate
change and deforestation on Amazon primates. We acknowledge,
however, a contingency on a series of assumptions of ecological
niche modeling, such as equilibrium between occurrences and current climate (Early and Sax, 2014), ecological niche conservatism
(Wiens et al., 2010), and absence of evolution (Diniz-Filho et al.,
2019) during our study timeframe. In addition, ecological niche
models may perform better in predicting total suitable area than
the direction of range changes (Fordham et al., 2018). Our metrics
of exposure to non-analog climates focus on temperature changes
alone, so the inclusion of other environmental stressors could provide different results. Moreover, forecasts of range shifts, biotic

velocity and exposure to non-analog climates capture different
nuances of the likely effects of climate change on wild species distribution, so that individual species-specific responses may not be
homogeneous among indices.
To sum up, we analyzed the three most widely used approaches
to understand how climate change will affect the distribution of the
potentially threatened group of Amazonian primates. The overall
assessment is not good – primates that are endemic to the Amazon
basin are expected to experience climate-driven range contractions and may not to be able to disperse rapidly enough to track
their preferred environments. Confined to unsuitable sites, several
primates will be exposed to novel climate conditions, which may
cause physiological stress with deleterious effects on population
dynamics.
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Gonçalves-Souza, D., Bini, L.M., Diniz-Filho, J.A.F., 2018. Science and democracy
must orientate Brazil’s path to sustainability. Perspect. Ecol. Conserv. 16,
121–124, http://dx.doi.org/10.1016/j.pecon.2018.06.005.
Early, R., Sax, D.F., 2014. Climatic niche shifts between species’ native and
naturalized ranges raise concern for ecological forecasts during invasions and
climate change. Glob. Ecol. Biogeogr. 23, 1356–1365,
http://dx.doi.org/10.1111/geb.12208.
Elith, J., Phillips, S.J., Hastie, T., Dudík, M., Chee, Y.E., Yates, C.J., 2011. A statistical
explanation of MaxEnt for ecologists. Divers. Distrib. 17, 43–57,
http://dx.doi.org/10.1111/j.1472-4642.2010.00725.x.
Engler, R., Guisan, A., 2009. MigClim: predicting plant distribution and dispersal in
a changing climate. Divers. Distrib. 15, 590–601,
http://dx.doi.org/10.1111/j.1472-4642.2009.00566.x.
Engler, R., Hordijk, W., Guisan, A., 2012. The MIGCLIM R package – seamless
integration of dispersal constraints into projections of species distribution
models. Ecography (Cop.) 35, 872–878,
http://dx.doi.org/10.1111/j.1600-0587.2012.07608.x.
Estrada, A., Garber, P.A., Rylands, A.B., Roos, C., Fernandez-Duque, E., Di Fiore, A.,
Nekaris, K.A., Nijman, V., Heymann, E.W., Lambert, J.E., Rovero, F., Barelli, C.,
Setchell, J.M., Gillespie, T.R., Mittermeier, R.A., Arregoitia, L.V., de Guinea, M.,
Gouveia, S., Dobrovolski, R., Shanee, S., Shanee, N., Boyle, S.A., Fuentes, A.,
MacKinnon, K.C., Amato, K.R., Meyer, A.L.S., Wich, S., Sussman, R.W., Pan, R.,
Kone, I., Li, B., 2017. Impending extinction crisis of the world’s primates: why
primates matter. Sci. Adv. 3, e1600946,
http://dx.doi.org/10.1126/sciadv.1600946.
Faleiro, F., Machado, R., Loyola, R., 2013. Defining spatial conservation priorities in
the face of land-use and climate change. Biol. Conserv. 158, 248–257,
http://dx.doi.org/10.1016/j.biocon.2012.09.020.
Faurby, S., Araújo, M.B., 2018. Anthropogenic Range Contractions Bias Species
Climate Change Forecasts., http://dx.doi.org/10.1038/s41558-018-0089-x.
Fearnside, P.M., 2015. Environment: deforestation soars in the Amazon. Nature
521, 423, http://dx.doi.org/10.1038/521423b.
Ferrante, L., Fearnside, P.M., 2019. Brazil’s new president and ‘ruralists’ threaten
Amazonia’s environment, traditional peoples and the global climate. Environ.
Conserv. 46, 261–263, http://dx.doi.org/10.1017/S0376892919000213.

89

Fick, S.E., Hijmans, R.J., 2017. WorldClim 2: new 1-km spatial resolution climate
surfaces for global land areas. Int. J. Climatol.,
http://dx.doi.org/10.1002/joc.5086.
Fordham, D.A., Bertelsmeier, C., Brook, B.W., Early, R., Neto, D., Brown, S.C., Ollier,
S., Araújo, M.B., 2018. How complex should models be? Comparing correlative
and mechanistic range dynamics models. Glob. Chang. Biol. 24, 1357–1370,
http://dx.doi.org/10.1111/gcb.13935.
Forero-Medina, G., Terborgh, J., Socolar, S.J., Pimm, S.L., 2011. Elevational ranges of
birds on a tropical montane gradient lag behind warming temperatures. PLoS
One 6, 1–5, http://dx.doi.org/10.1371/journal.pone.0028535.
Franklin, J., 2009. Mapping Species Distributions: Spatial Inference and Prediction.
Cambridge University Press.
Gallice, G.R., Larrea-Gallegos, G., Vázquez-Rowe, I., 2017. The threat of road
expansion in the Peruvian Amazon. Oryx, 1–9,
http://dx.doi.org/10.1017/S0030605317000412.
Garcia, R.A., Cabeza, M., Rahbek, C., Araujo, M.B., 2014. Multiple dimensions of
climate change and their implications for biodiversity. Science (80-) 344,
1247579, http://dx.doi.org/10.1126/science.1247579.
Gavin, D.G., Fitzpatrick, M.C., Gugger, P.F., Heath, K.D., Rodríguez-Sánchez, F.,
Dobrowski, S.Z., Hampe, A., Hu, F.S., Ashcroft, M.B., Bartlein, P.J., Blois, J.L.,
Carstens, B.C., Davis, E.B., de Lafontaine, G., Edwards, M.E., Fernandez, M.,
Henne, P.D., Herring, E.M., Holden, Z.A., Kong, W.S., Liu, J., Magri, D., Matzke,
N.J., Mcglone, M.S., Saltré, F., Stigall, A.L., Tsai, Y.H.E., Williams, J.W., 2014.
Climate refugia: joint inference from fossil records, species distribution models
and phylogeography. New Phytol. 204, 37–54,
http://dx.doi.org/10.1111/nph.12929.
Gillespie, T.R., Chapman, C., 2006. Prediction of parasite infection dynamics in
primate metapopulations based on attributes of forest fragmentation. Conserv.
Biol. 20, 441–448, http://dx.doi.org/10.1111/j.1523-1739.2006.00290.x.
Gould, L., Sussman, R.W., Sauther, M.L., 1999. Natural disasters and primate
populations: the effects of a 2-year drought on a naturally occurring
population of ring-tailed lemurs (Lemur catta) in Southwestern Madagascar
Lisa. Int. J. Primatol. 20, 69–84, http://dx.doi.org/10.1023/A:1020584200807.
Gouveia, S.F., Souza-Alves, J.P., Rattis, L., Dobrovolski, R., Jerusalinsky, L.,
Beltr?o-Mendes, R., Ferrari, S.F., 2016. Climate and land use changes will
degrade the configuration of the landscape for titi monkeys in eastern Brazil.
Glob. Chang. Biol. 22, 2003–2012, http://dx.doi.org/10.1111/gcb.13162.
Graham, C.H., Elith, J., Hijmans, R.J., Guisan, A., Townsend Peterson, A., Loiselle,
B.A., Anderson, R.P., Dudk, M., Ferrier, S., Huettmann, F., Leathwick, J.,
Lehmann, A., Li, J., Lohmann, L., Loiselle, B., Manion, G., Moritz, C., Nakamura,
M., Nakazawa, Y., Overton, J., Phillips, S., Richardson, K., Pereira, R.S., Schapire,
R., Soberón, J., Williams, S., Wisz, M., Zimmermann, N., 2008. The influence of
spatial errors in species occurrence data used in distribution models. J. Appl.
Ecol. 45, 239–247, http://dx.doi.org/10.1111/j.1365-2664.2007.01408.x.
Graham, T.L., Matthews, H.D., Turner, S.E., 2016. A global-scale evaluation of
primate exposure and vulnerability to climate change. Int. J. Primatol. 37,
158–174, http://dx.doi.org/10.1007/s10764-016-9890-4.
Hijmans, R.J., 2019. Geosphere: Spherical Trigonometry.
Hijmans, R.J., Cameron, S.E., Parra, J.L., Jones, P.G., Jarvis, A., 2005. Very high
resolution interpolated climate surfaces for global land areas. Int. J. Climatol.
25, 1965–1978, http://dx.doi.org/10.1002/joc.1276.
IPCC, 2014. Summary for policymakers. In: Field, C.B., Barros, V.R., Dokken, D.J.,
Mach, K.J., Mastrandrea, M.D., Bilir, T.E., Chatterjee, M., Ebi, K.L., Estrada, Y.O.,
Genova, R.C., Girma, B., Kissel, E.S., Levy, A.N., MacCracken, S., Mastrandrea,
P.R., White, L.L. (Eds.), Climate Change 2014: Impacts, Adaptation, and
Vulnerability. Part A: Global and Sectoral Aspects. Contribution of Working
Group II to the Fifth Assessment Report of the Intergovernmental Panel on
Climate Change. Cambridge University Press, Cambridge, United Kingdom and
New York, NY, USA, pp. 1–32, http://dx.doi.org/10.1016/j.renene.2009.11.012.
Khaliq, I., Hof, C., Prinzinger, R., Böhning-Gaese, K., Pfenninger, M., 2014. Global
variation in thermal tolerances and vulnerability of endotherms to climate
change. Proc. Biol. Sci. 281, http://dx.doi.org/10.1098/rspb.2014.1097,
20141097.
Kinzey, W.G., 1997. Part II: Synopsis of New World primates. In: Kinzey, W.G. (Ed.),
New World Primates – Ecology, Evolution, and Behavior. Walter de Gruyter
Inc., New York, NY, pp. 169–324.
Knutti, R., Allen, M.R., Friedlingstein, P., Gregory, J.M., Hegerl, G.C., Meehl, G.A.,
Meinshausen, M., Murphy, J.M., Plattner, G.K., Raper, S.C.B., Stocker, T.F., Stott,
P.A., Teng, H., Wigley, T.M.L., 2008. A review of uncertainties in global
temperature projections over the twenty-first century. J. Clim. 21, 2651–2663,
http://dx.doi.org/10.1175/2007JCLI2119.1.
La Sorte, F.A., Jetz, W., 2012. Tracking of climatic niche boundaries under recent
climate change. J. Anim. Ecol.,
http://dx.doi.org/10.1111/j.1365-2656.2012.01958.x.
Laurance, W.F., Balmford, A., 2013. A global map for road building. Nature 495,
308–309.
Lawler, J.J., Ruesch, A.S., Olden, J.D., Mcrae, B.H., 2013. Projected climate-driven
faunal movement routes. Ecol. Lett. 16, 1014–1022,
http://dx.doi.org/10.1111/ele.12132.
Lemes, P., Faleiro, F.A.M.V., Tessarolo, G., Loyola, R.D., 2011. Refinando Dados
Espaciais para a Conservação da Biodiversidade. Nat. Conserv. 9, 240–243,
http://dx.doi.org/10.4322/natcon.2011.032.
Lima-Ribeiro, M.S., Moreno, A.K.M., Terribile, L.C., Caten, C.T., Loyola, R., Rangel,
T.F., Diniz-Filho, J.A.F., 2017. Fossil record improves biodiversity risk

90

L. Sales et al. / Perspectives in Ecology and Conservation 18 (2020) 83–90

assessment under future climate change scenarios. Divers. Distrib. 23,
922–933, http://dx.doi.org/10.1111/ddi.12575.
Loarie, S.R., Duffy, P.B., Hamilton, H., Asner, G.P., Field, C.B., Ackerly, D.D., 2009. The
velocity of climate change. Nature 462, 1052–1055,
http://dx.doi.org/10.1038/nature08649.
Lobo, J.M., Jiménez-Valverde, A., Hortal, J., 2010. The uncertain nature of absences
and their importance in species distribution modelling. Ecography (Cop.) 33,
103–114, http://dx.doi.org/10.1111/j.1600-0587.2009.06039.x.
Loyola, R.D., Lemes, P., Faleiro, F.V., Trindade-Filho, J., Machado, R.B., 2012. Severe
loss of suitable climatic conditions for Marsupial species in Brazil: challenges
and opportunities for conservation. PLoS One 7, e46257,
http://dx.doi.org/10.1371/journal.pone.0046257.
Meyer, A.L.S., Pie, M.R., Passos, F.C., 2014. Assessing the exposure of lion tamarins
(Leontopithecus spp.) to future climate change. Am. J. Primatol. 76, 551–562,
http://dx.doi.org/10.1002/ajp.22247.
Milton, K., Giacalone, J., 2014. Differential effects of unusual climatic stress on
capuchin (Cebus capucinus) and howler monkey (Alouatta palliata) populations
on Barro Colorado Island, Panama. Am. J. Primatol. 76, 249–261,
http://dx.doi.org/10.1002/ajp.22229.
Muscarella, R., Galante, P.J., Soley-Guardia, M., Boria, R.A., Kass, J.M., Uriarte, M.,
Anderson, R.P., 2014. ENMeval: an R package for conducting spatially
independent evaluations and estimating optimal model complexity for Maxent
ecological niche models. Methods Ecol. Evol. 5, 1198–1205,
http://dx.doi.org/10.1111/2041-210X.12261.
Nobre, I.A., Nobre, C., 2019. The Amazonia third way initiative: the role of
technology to unveil the potential of a novel tropical biodiversity-based
economy. In: Land Use – Assessing the Past, Envisioning the Future.
IntechOpen, pp. 13, http://dx.doi.org/10.5772/intechopen.80413.
Pecl, G.T., Araújo, M.B., Bell, J.D., Blanchard, J., Bonebrake, T.C., Chen, I.-C., Clark,
T.D., Colwell, R.K., Danielsen, F., Evengård, B., Falconi, L., Ferrier, S., Frusher, S.,
Garcia, R.A., Griffis, R.B., Hobday, A.J., Janion-Scheepers, C., Jarzyna, M.A.,
Jennings, S., Lenoir, J., Linnetved, H.I., Martin, V.Y., McCormack, P.C., McDonald,
J., Mitchell, N.J., Mustonen, T., Pandolfi, J.M., Pettorelli, N., Popova, E., Robinson,
S.A., Scheffers, B.R., Shaw, J.D., Sorte, C.J.B., Strugnell, J.M., Sunday, J.M.,
Tuanmu, M.-N., Vergés, A., Villanueva, C., Wernberg, T., Wapstra, E., Williams,
S.E., 2017. Biodiversity redistribution under climate change: impacts on
ecosystems and human well-being. Science (80-) 355, eaai9214,
http://dx.doi.org/10.1126/science.aai9214.
Peterson, A.T., 2011. Ecological niche conservatism: a time-structured review of
evidence. J. Biogeogr. 38, 817–827,
http://dx.doi.org/10.1111/j.1365-2699.2010.02456.x.
Phillips, S.B., Aneja, V.P., Kang, D., Arya, S.P., 2006. Modelling and analysis of the
atmospheric nitrogen deposition in North Carolina. Int. J. Glob. Environ. Issues
6, 231–252, http://dx.doi.org/10.1016/j.ecolmodel.2005.03.026.
R Core Team, 2019. R: A Language and Environment for Statistical Computing.
Reimann, C., Filzmoser, P., Garrett, R., Dutter, R., 2011. Statistical Data Analysis
Explained: Applied Environmental Statistics with R.
Ribeiro, B.R., Sales, L.P., De Marco, P., Loyola, R., 2016. Assessing mammal exposure
to climate change in the Brazilian Amazon. PLoS One, 1–13,
http://dx.doi.org/10.1371/journal.pone.0165073.
Sales, L.P., Neves, O.V., De Marco, P., Loyola, R., 2017. Model uncertainties do not
affect observed patterns of species richness in the Amazon. PLoS One 12,
e0183785, http://dx.doi.org/10.1371/journal.pone.0183785.

Sales, L.P., Ribeiro, B.R., Pires, M.M., Chapman, C.A., Loyola, R., 2019. Recalculating
route: dispersal constraints will drive the redistribution of Amazon primates in
the Anthropocene. Ecography (Cop.), ecog.04499,
http://dx.doi.org/10.1111/ecog.04499.
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